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a(X,Y)= min(l,MJ 1.3)
7(X)q(Y|X)
X, =Y
- X =4,
Initialize Xy; set t=0.
Repeat{
Sample a point Y from ¢(|X,)
Sample a Uniform(0,1) random variable U
If U<a(X,,Y) set Xg=Y
Otherwise set X+ = X
Increment t
}.
q(})
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